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1
LEVEL PLACEMENT IN SOLID-STATE
MEMORY

TECHNICAL FIELD

This invention generally relates to level placement in mul-
tilevel cells of solid-state memory.

BACKGROUND OF THE INVENTION

In solid-state memory such as flash memory and phase
change memory (PCM), the fundamental storage unit (the
“cell”) can be programmed to a number of different states, or
“levels”, which exhibit different electrical characteristics.
The q programming levels can be used to represent different
data values, whereby data can be recorded in the cells. In
multilevel-cell (MLC) memories, the cells have g>2 levels,
providing for storage of more than one bit per cell.

Each of the q programming levels in MLLC memory corre-
sponds to a respective value of a characteristic metric which
is used as a measure of cell-state. This metric is typically
some function of cell current, voltage, or resistance. A cell is
programmed to a particular level using the corresponding
metric value as the target metric value for the programming
operation. A programming (current or voltage) signal is
applied to the cell so as to induce a cell-state corresponding to
the target metric value. This is typically achieved via an
iterative “write- and verify” (WAV) process involving a series
of programming pulses, with the cell being read after each
pulse and the resulting read metric value compared with the
target metric value for the required level. Successive pro-
gramming pulses are then adjusted based on this comparison
s0 as to converge on the target metric value for the level.

In an ideal scenario, all cells programmed to a particular
level should yield the target metric value on readback. Due to
variability and noise, however, the read metric values from a
group of cells programmed to the same level form a distribu-
tion around the target metric value for that level. In addition,
read metric values for levels are known to drift over time. The
electrical resistance of PCM cells, for instance, drifts
upwards with time in a stochastic manner. As another
example, in flash memory cells the transistor’s threshold volt-
age provides the cell-state metric and this drifts upwards as a
function of the number of write/erase cycles the cell is sub-
jected to. Drift can be variable for different cells and for
different levels. In PCM cells, for example, levels drift in a
non-uniform fashion, cells programmed to the same level
exhibit different drift characteristics, and variability due to
drift affects different levels in different ways. In addition to
drift, the cell readout process is prone to noise, the variance
and spectral density of which are different for different levels.
All these characteristics lead to the fact that the probability
density functions (PDFs) for cell-levels are not only level-
dependent but are also time-varying, as in PCM, and/or vary-
ing with cell-usage, as in flash memory.

A problem arising from drift effects is that the read metric
values for cells programmed to neighbouring programming
levels may interfere over time, causing difficulties in detect-
ing the different cell-levels on readback. This leads to an
increased probability of read-errors. MLC memory needs to
offer acceptable error-rate performance, and to guarantee this
acceptable performance over a minimum specified time
period (the “retention time” of the memory). The placement
of programming levels within the available signal range, i.e.
the particular selection of target metric values for program-
ming the q levels, plays a defining role in the achievement of
these objectives.
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Conventionally, the level placement problem has been
solved by an optimization technique which receives as input
the statistical distributions of the q possible levels. An initial
set of q levels is typically defined by assuming uniform level-
spacing across the available signal range. The statistics of
these levels are determined from the measured read metric
values on programming groups of cells to the different levels.
The means and variances of the level distributions are then
input to an iterative optimization process to determine an
optimal level placement. Such iterative optimization algo-
rithms are well-known and can be constructed by established
techniques discussed, for example, in “Detection of Signals
in Noise”, A. D. Whalen, Academic Press, 1971. The optimal
level placement is determined as that which minimizes the
read-error probability as calculated from the level statistics on
programming of the initial level set. However, an optimal
solution here would actually require knowledge of the prob-
ability density functions for all possible target levels within
the signal range. Moreover, the drift effects discussed above
are not considered.

U.S. Pat. No. 8,009,455 B2 discloses a procedure for
assigning resistance value ranges to storage levels in phase-
change memory. Each resistance range includes a first sub-
range determined by the probability distribution of the level at
the time of programming, and a second sub-range determined
by the drift coefficient of the particular level. The second
sub-range acts as a buffer region between a particular level
and the neighbouring level. Ranges can be assigned based on
various deterministic criteria, e.g. so that the drift buffer asso-
ciated with the worst-case drift coefficient accommodates a
target retention time for the memory.

SUMMARY OF THE INVENTION

One embodiment of a first aspect of the present invention
provides a level placement method for g-level cells of solid-
state memory, where ¢>2. The method comprises:

controlling programming of groups of the cells to respec-
tive levels of a predetermined plurality of programming lev-
els;

controlling reading of each programmed cell at a series of
time instants to obtain a sequence of read metric values for
that cell;

processing the sequences of read metric values for the
group of cells programmed to each programming level to
derive statistical data as a function of time for that level,

processing said statistical data for each programming level
to determine for that level at least one parameter of a model
defining variation with time of the statistical data for pro-
gramming levels;

extrapolating the parameters for the levels to define param-
eter variation as a function of level; and

calculating from said parameter variation and said model a
set of q programming levels which has a desired property over
time.

Inmethods embodying this invention, therefore, sequences
ofread metric values obtained at a series of time instants after
programming cells to L different levels are used to derive
statistical data as a function of time for each of the L levels.
This time-dependent statistical data is processed to deter-
mined parameters for the L levels of a model defining varia-
tion of statistical data with time. By extrapolation of these
parameters, the parameter variation with level can be deter-
mined. The resulting parameter variation can then be used
with the model to provide an estimate of the time-dependent
statistical data for any programming level. In effect, there-
fore, statistical data can be estimated for any arbitrary pro-
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gramming level at any time after programming. This can be
used to calculate a level placement for q cell-levels which has
some desired property with passage of time. The method can
be used, for example, to identify a set of q levels which has
some desired statistical data, as predicted by the model, at a
predetermined time after programming. In particular, the cal-
culated levels may have statistical data associated with a
desired read-error probability P.,,,.., e.g. a P, . less than
some required threshold, at a specified time after program-
ming. For example, the level placement corresponding to a
minimum error probability at a specified time, e.g. the
required retention time of the memory, can be readily deter-
mined.

Embodiments of the invention may thus offer level place-
ment techniques which address time variability of cell-levels,
permitting estimation of level statistics for arbitrary levels
and storage times. By addressing both the level- and time-
dependence of level statistics, the various effects of drift and
noise discussed above can be accommodated, and the key
objective of acceptable error performance over a target reten-
tion time can be readily achieved. Compared to the prior
techniques discussed above, embodiments of the invention
can achieve superior worst-case performance over longer
time-scales in MLLC memory.

An embodiment of a second aspect of the invention pro-
vides a computer readable medium containing executable
program instructions for causing a computer to implement a
method according to the first aspect of the invention. It will be
understood that the term “computer” is used in the most
general sense and includes any device, component or system
having a data processing capability for implementing a com-
puter program. Moreover, a computer program embodying
the invention may constitute an independent program or may
be an element of a larger program, and may be embodied in a
computer-readable medium for loading in a computer. The
executable program instructions of the computer program
may comprise any expression, in any language, code or nota-
tion, of a set of instructions intended to cause a computer to
perform the method in question, either directly or after either
or both of (a) conversion to another language, code or nota-
tion, and (b) reproduction in a different material form.

An embodiment of a third aspect of the invention provides
an apparatus for determining level placement in g-level cells
of solid-state memory, where q>2. The apparatus comprises:

a measurement controller for controlling programming of
groups of the cells to respective levels of a predetermined
plurality of programming levels, and controlling reading of
each programmed cell at a series of time instants to obtain a
sequence of read metric values for that cell;

a measurement processor for processing the sequences of
read metric values for the group of cells programmed to each
programming level to derive statistical data as a function of
time for that level, and then processing said statistical data for
each programming level to determine for that level at least
one parameter of a model defining variation with time of the
statistical data for programming levels, and for extrapolating
the parameters for the levels to define parameter variation as
a function of level; and

alevel calculator for calculating from said parameter varia-
tion and said model a set of q programming levels which has
a desired property over time.

Anembodiment of a fourth aspect of the invention provides
memory apparatus comprising solid-state memory having a
plurality of g-level cells, where q>2, read/write circuitry for
writing data in the memory by programming cells to respec-
tive levels and for reading cells to obtain respective read
metric values each corresponding to a said level, and level
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4

placement apparatus for determining level placement for the
q levels. The level placement apparatus comprises apparatus
according to the third aspect of the invention.

In general, where features are described herein with refer-
ence to an embodiment of one aspect of the invention, corre-
sponding features may be provided in embodiments of
another aspect of the invention as appropriate.

BRIEF DESCRIPTION OF THE DRAWINGS

Preferred embodiments of the invention will now be
described, by way of illustrative and non-limiting example,
with reference to the accompanying drawings in which:

FIG. 1 is a schematic block diagram of memory apparatus
embodying the invention;

FIG. 2 is a schematic block diagram of level placement
apparatus in the memory apparatus of FIG. 1;

FIG. 3 shows key steps in operation of the level placement
apparatus;

FIG. 4 illustrates exemplary measurement sequences
obtained during a level placement operation;

FIGS. 5 and 6 illustrate fitting of statistical data for cell-
levels with a model during a level placement operation;

FIGS. 7 and 8 illustrate extrapolation of model parameters
during a level placement operation; and

FIG. 9 compares performance of a level placement method
embodying the invention with prior methods.

DESCRIPTION OF PREFERRED
EMBODIMENTS

FIG. 1 is a simplified schematic of a memory apparatus
embodying the invention. The memory apparatus 1 includes
phase-change memory (PCM) 2 for storing data in one or
more integrated arrays of multilevel PCM cells. Though
shown as a single block in the figure, in general memory 2
may comprise any desired configuration of PCM storage
units ranging, for example, from a single chip or die to a
plurality of storage banks each containing multiple packages
of storage chips. Reading and writing of data to memory 2 is
performed by read/write (R/W) apparatus 3. Apparatus 3
includes data-write and read-measurement circuitry (R/W
circuitry) 4 for programming PCM cells in data write opera-
tions and for making cell-state measurements during pro-
gramming and data readback operations. The R/W circuitry
addresses individual PCM cells for write and read purposes in
aknown manner by applying appropriate voltages to an array
of word and bit lines in memory ensemble 2. A read/write
controller 5 controls operation of apparatus 3 generally and
includes functionality for determining cell-state, i.e. level
detection, during data readback based on read measurements
by circuitry 4. Controller 5 further includes functionality for
implementing a level placement technique described in detail
below. As indicated by block 6 in the figure, user data input to
apparatus 1 is typically subjected to some form of write-
processing, such as coding for error-correction purposes,
before being supplied as write data to read/write apparatus 3.
Similarly, readback data output by apparatus 3 is generally
processed by a read-processing module 7, e.g. for codeword
detection and error correction, to recover the original input
user data.

As will be appreciated by those skilled in the art, function-
ality of read/write apparatus 3 may be implemented in prac-
tice by control circuitry of a memory device, e.g. a memory
chip, which forms part of memory 2, or by a separate device,
such as a memory controller, which controls a set of memory
devices in memory 2. In a typical arrangement, the function-
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ality may be implemented via a combination of control logic
in a memory controller and individual memory devices. The
functionality of controller 5 of the read/write apparatus can be
implemented in general in hardware or software or a combi-
nation thereof. For reasons of operating speed, the use of
hardwired logic circuits is generally preferred to implement
functionality as far as possible. Suitable implementations will
be readily apparent to those skilled in the art from the descrip-
tion herein.

Data read and write operations are generally performed in
a known manner in apparatus 1. A data write operation
involves programming each cell to one of the g>2 program-
ming levels defined for data storage. In general, programming
can be performed via a single-step process or an iterative
process. A single-step programming operation involves
application of a predetermined programming signal to set a
cellto a desired level. As described earlier, iterative program-
ming involves a series of programming and read steps to
achieve a desired programming level. Either way, each of the
q programming levels corresponds to a predefined value of
the characteristic cell-state metric which is measured during
read operations. The predefined metric value for each level
constitutes the target metric value when programming a cell
to that level. Data readback involves reading cells to obtain a
read metric value for each cell, followed by level-detection to
determine from the read metric values which of the q cell-
levels each cell is set to. Level-detection can be performed
using various known techniques and typically involves com-
paring read metric values with a set of threshold values defin-
ing the different cell-levels.

The particular set of q programming levels to be used for
data storage is determined prior to operation via a level place-
ment technique. Depending on the particular structure and
arrangement of memory 2 and read/write apparatus 3, the
level placement operation may be performed for memory 2 as
awhole or separately for different parts of the overall memory
arrangement. In this example, it is assumed that controller 5
performs the level placement operation separately for each
individual memory array within overall memory 2. This
operation is performed by level placement apparatus 10 pro-
vided in controller 5 of read/write apparatus 3.

FIG. 2 indicates the main functional blocks of the level
placement apparatus 10. The apparatus comprises a measure-
ment controller 11, a measurement processor 12 and a level
calculator 13. Each of the functional blocks 11, 12 and 13
comprises control logic for implementing particular steps of
the level placement process to be described. This control logic
can be embodied in hardware or software or a combination of
hardware and software components. For example, one or
more of the operational steps could be performed in whole or
in part by software which configures a processor to imple-
ment the functionality described, and suitable software will
be readily apparent to those skilled in the art.

Briefly, in operation of apparatus 10, measurement control-
ler 11 controls read/write circuitry 4 to perform programming
and read operations detailed below to obtain a set of measure-
ment sequences characterizing the memory array in question.
The measurement sequences are supplied to measurement
processor 12 which processes the sequences as detailed below
to derive information enabling estimation of statistics for an
arbitrary cell-level as a function of time. Level calculator 13
then uses this information for level placement, calculating a
set of q programming levels which has a desired property over
time. In this embodiment, an optimum level placement for the
array is calculated as the set of q programming levels which
corresponds to a minimum read-error probability at a target
retention time for the array.
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Operation of the level placement apparatus will be
described in more detail with reference to the flow diagram of
FIG. 3. On initiation of a level placement operation, as indi-
cated by step 20, measurement controller 11 receives as input
the characteristic operating parameters of the array in ques-
tion, in particular the number of cells in the array, the desired
number of storage levels q, and the operative signal range (i.e.
the minimum and maximum possible read signal levels for
cells). Based on these parameters, in step 21 the measurement
controller 11 selects a portion of the array consisting of a
number of cells N to be used for the array characterization,
and an initial set of L programming levels to be used in this
process. The L programming levels are respectively defined
by L target metric values for the programming operation.
Next, in step 22 the measurement controller controls R/W
circuitry 4 to program different groups of the N, cells to
respective levels of the initial set of L programming levels. In
step 23, measurement controller 11 then controls R/W cir-
cuitry 4 to read each of the N programmed cells at a series of
time instants. In this way, a sequence of read metric values,
corresponding to successive time instants after programming,
is obtained for each of the N cells. These measurement
sequences are supplied by measurement controller 11 to mea-
surement processor 12 which performs the next three steps of
the FIG. 3 process.

In step 24 of FIG. 3, measurement processor 12 processes
the measurement sequences for the group of cells pro-
grammed to each of the L. programming levels to derive
statistical data as a function of time for that level. This is
explained further below. The resulting time-dependent statis-
tical data for each level is then processed in step 25 to deter-
mine for that level at least one parameter of a model defining
variation with time of the statistical data for programming
levels. Again, this process will be explained in detail below.
Next, in step 26, measurement processor 12 extrapolates the
parameters for the levels as illustrated below to define param-
eter variation as a function of level.

In step 27 of FIG. 3, the level calculator 13 uses the param-
eter variation with level, as derived in step 26, together with
the aforementioned model to calculate the optimal placement
within the available signal range of the q target metric values
for programming the q cell-levels. This calculation is per-
formed via an iterative optimization process described further
below. In step 28, the resulting set of q programming levels is
stored by controller 5 for use in subsequent programming of
the memory array, and the level placement operation is com-
plete.

Preferred implementation details for the basic level place-
ment operation of FIG. 3 are described in the following.
Considering first the array characterization process, the num-
ber N in step 21 of FIG. 3 should ideally be sufficiently large
to permit meaningful statistics to be derived for the array in
question. By way of example, a typical number might be 64
k-cells, i.e. (64x1024) individual memory cells. In general, of
course, N can be selected as desired depending on required
accuracy in a given scenario. The initial set of L programming
levels selected by measurement controller 11 preferably com-
prises L>q levels, for instance [.=2q in a typical implemen-
tation. As indicated above, the L levels are defined by L target
metric values for programming, where the metric may be any
convenient metric for cell-state. A typical metric is defined in
terms of cell current or resistance, and may be defined in the
linear or logarithmic domain. In the preferred embodiment to
be described, the metric is defined as the logarithm of cell
current, log(l). The L levels are ideally distributed across the
whole of the available signal range, and may be uniformly or
non-uniformly spaced. In the preferred embodiment below,
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the L levels are selected to be uniformly spaced in logarithm
of current between minimum and maximum values which
correspond respectively to the RESET state (i.e. the fully-
amorphous, highest-resistance state) and the SET state (i.e.
the fully-crystalline, lowest-resistance state) of the PCM
cells.

After programming groups of the N . cells to the L levels,
the measurement sequences are preferably obtained in step 23
by reading cells at a series of time instants spanning a plural-
ity of orders of magnitude of time. Measurements are most
preferably made over several orders of magnitude of time,
e.g. from microseconds to a few hundreds of seconds after
programming. The number of measurements can be selected
based on required accuracy, but may typically comprise of the
order of 100 measurements on each cell. The resulting mea-
surement sequences then indicate variation of the read metric
with time for all cells. These measurement sequences are
subject to the various noise and temporal drift effects dis-
cussed earlier. This is illustrated in the simple example of
FIG. 4 which shows an exemplary set of measurement
sequences for ten PCM cells each programmed to the same
nominal level.

Considering now step 24 of FIG. 3, measurement control-
ler 12 processes the measurement sequences for the group of
cells programmed to each of the L levels to derive time-
dependent statistical data for that level. This statistical data
may in general comprise one or more statistical quantities,
and conveniently comprises at least a first quantity indicative
of an average read metric value for the level. The average here
might be, for example, the mean, median or mode. The sta-
tistical data preferably also comprises a second quantity
indicative of variance in read metric values. The derived
quantities could represent the average and variance per se or
could be some function of these values. In the present
embodiment, the quantities derived by measurement control-
ler 12 are the mean and variance of the read metric values,
these quantities being derived as a function of time based on
the measurement sequences. That is, the mean and variance of
the read metric values log(I.(t)) at corresponding time
instants are calculated at each time instant for cells (k) in the
group corresponding to each of the L levels. The resulting
sequences of mean and variance values for the series of time
instants thus provide an estimate of the variation of these
quantities with time for the corresponding level.

In step 25 of FIG. 3, measurement controller 12 processes
the time-dependent statistical data from step 24 in association
with a model defining variation with time of the statistical
data for programming levels. The model employed here may
be apredetermined model, e.g. empirically determined for the
memory cells in general, or may be wholly or partially con-
structed based on analysis of the time-dependent statistical
data derived in step 24. In this example, drift and noise for
each cell k is assumed to follow the power-law model for drift
as expressed by:

log(Z(1))=log(Ii(10))-vs log (¢/10)+14(t) ey
where [,(t) is the read-current at time t, v, is the drift exponent,
n,(t) is noise process for cell k, and t, is the time instant at
which the first measurement is taken. It can be shown that, for
a given programming level:

Ellog(I(1))]=E[log(I(zo))]-E [V]log(¢/to) @

and

Vlog(()1=Fllog(to)]+V V] (Log(t/1o)y*+V[n(9)]-2C
[log({(zo)),vlog(#/to)+2Cllog(I(z0))n(D)]-2C[vn
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where: E[a] is the mean of a; V[a] is the variance of a; and C[a,
b] is the covariance of a, b.

Comparison of this basic model with time-dependent sta-
tistical data derived for cell-levels as in step 24 above shows
that, for all levels 1, i=1, 2, . . . L, the mean of the level
distributions expressed by the measurement series for each
level is well-fitted with a linear function of log(t/t,):

W(O=W (t)~E[v] log(t/to) Q)

where, for each level i, p/(t)=E[log(I(1))]. Equation (4) thus
corresponds directly to Equation (2) as predicted by the
power-law model above. Similarly, comparison of the basic
model with time-dependent statistical data derived as above
demonstrates that the standard deviation of the time-depen-
dent level distributions is also well approximated with a linear
function of log(t/t,):

o=’ +f log (/1) )

where, for each level i, o’(t)=V(V[log(I(t))]). Equation (5)
thus corresponds to a simplified version of Equation (3) pre-
dicted by the power-law model above.

Equations (4) and (5) above constitute a simple empirical
model describing variation with time of the first and second
order statistics of programming level distributions corre-
sponding to the statistical data derived in step 24. In step 25 of
FIG. 3, the statistical data derived for the L levels is processed
to determine values for the parameters p'(t,), E[v]’, o’ and f’
of the foregoing model for each level i. In particular, the
time-dependent mean derived for each level is fitted with
Equation (4), and the standard deviation (determined as the
square root of the time-dependent variance values for each
level), is fitted with Equation (5) above. FIG. 5 shows illus-
trative results for fitting of the mean values for L.=8 program-
ming levels in one example. FIG. 6 shows corresponding
results for fitting of the standard deviation values for these
levels. The model parameters p'(t,), E[v]’, o and B’ for each
level i can thus be readily determined from simple linear fits
performed by measurement processor 12.

Step 26 of FIG. 3 involves extrapolation of the level param-
eters obtained by the above process to define variation of each
parameter as a function of level. In particular, by fitting the
level parameters as a function of programming level, each
parameter can effectively be extrapolated to obtain a continu-
ous variable. This process is illustrated in FIG. 7 for the
“mean parameters” '(t,), E[v] in the example above, where
the plotted points represent the experimental parameter val-
ues as extracted in step 25 and the crosses represent extrapo-
lated points. Programming level is quantified on the abscissa
as the corresponding metric value at t=t,, i.e. log I(t,). FIG. 8
illustrates the corresponding extrapolation process for the
“standard deviation parameters” o’ and p’ in this example.

The extrapolation of model parameters in step 26 effec-
tively allows statistics of any arbitrary level to be estimated at
any point in time. In particular, the model parameters for an
arbitrary level can be determined from the parameter extrapo-
lation process, and these parameter values can then be applied
in the model defined by Equations (4) and (5) above. This then
provides an estimate of the time evolution of the statistics for
the level in question. This information is exploited by the
level calculator 13 in step 27 of FIG. 3 to determine an optimal
level placement. Clearly, since both means and variances of
level distributions are time-varying, it is not possible in gen-
eral to determine a level placement for programming that is
optimal at all times. However, optimality is defined in level
calculator 13 here as the best possible error-probability at a
giventime point. The selected time point in this example is the
target retention time t; for the memory array, though other
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time points may be employed here as discussed below. Since
evolution of the level statistics is monotonic in time, the error
probability will also increase monotonically in time. Reliable
error performance can thus be guaranteed at least up to the
specified retention time in this embodiment.

The optimal level placement is determined in level calcu-
lator 13 as follows. The process starts by selecting q uni-
formly-spaced levels within the available signal range
(though other, non-uniformly spaced level allocations might
equally be employed). Based on the parameter variation with
level determined by the extrapolation process above, the
model parameters are determined for these initial q levels.
These parameters are then applied to the model defined by
Equations (4) and (5) to calculate the level statistics (means
and standard deviations) at time t=t;. The level calculator
then runs an iterative optimization algorithm to calculate the
level placement at the retention time t; which minimizes the
read-error probability P, .. P The read error probability
P.,.., can be calculated in known manner here based on the
level statistics W'(ty), 0°(tz) and predefined reference values
(e.g. threshold values or ranges) used for detection of the
cell-levels on readback. (It can be assumed here that the level
probability density functions (PDFs) are normal so that the
mean and standard deviation completely specify each level
PDF). Various known iterative algorithms may be employed
in this optimization process as will be readily apparent to
those skilled in the art. From the final estimates of the level-
means 1'(t,) obtained via the optimization process, the opti-
mal level placement is given by w'(t,) as determined from
equation (4) for i=1 to q.

It will be seen that the above process provides a technique
for estimating the statistics of any possible cell level at any
time point, thereby permitting optimization of the level place-
ment for a specified target retention time. Unlike prior sys-
tems, the level placement technique accounts for both level-
and time-dependence of the level statistics. Use of this tech-
nique for ML.C programming offers significant advantages in
terms of long MILC-state retention, i.e., acceptable worst-case
error-rate over long time periods. Level placement methods
embodying the invention can readily outperform other meth-
ods that are agnostic to either time- or level-dependence of
cell-ensemble statistics, offering superior worst-case perfor-
mance over longer time-scales, i.e. longer retention. By way
of'example, FIG. 9 compares error performance for an exem-
plary array employing the preferred level placement tech-
nique detailed above (Trace 1) and the conventional level
placement technique described earlier based on optimization
of statistics at programming time, i.e. t=t,, (Trace 2). The
error-performance based on a uniform level spacing (Trace 3)
is also shown for comparison purposes. The level placement
for the embodiment of Trace 1 was calculated based on a
target retention time of t,=10* s for illustration purposes. It
can be seen that the proposed technique significantly outper-
forms the conventional one, guaranteeing acceptable error
performance at all times at least up to the target retention time.

While preferred embodiments are described above, many
alternatives and modifications can of course be envisaged.
Some examples are given below.

Time points other than the target retention time t, may be
used for the optimization process, e.g. the target time between
refreshes of a memory array. While the set of levels is opti-
mized based on minimal error probability at a given time
above, level placements can be calculated to provide other
desired properties over time. The required property of the
level placement could depend in various ways on time varia-
tion of the individual levels and their interrelationship, e.g.
considering error probabilities (or other statistical character-
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istics) associated with individual levels, whether at a particu-
lar time or over a particular period after programming. In
general, any desired time-dependent property might be speci-
fied for determining the final level placement.

When optimizing the level placement based on error prob-
ability at a specified time, an error probability less than some
defined threshold could be deemed optimum rather than the
minimum possible value predicted by the optimization pro-
cess.

The level placement process can be readily applied with
other read metrics and other models for the time-dependence
of statistics. For example, the extracted statistical quantities
(means and variances above) could be fitted with other func-
tions, e.g. non-affine functions of log(t). Depending on the
particular statistical data and model employed in a given
process, in general one or more model parameters may be
derived for defining the time variation of level statistics in step
25 of FIG. 3.

As indicated earlier, level placement methods embodying
the invention may be implemented by a memory controller
for one or more memory devices controlled thereby. In this
case the level placement may be performed as a “one-oft”
procedure for each memory chip and the resulting levels
stored in on-chip registers for use during subsequent pro-
gramming of'that chip. In other scenarios the level placement
could be performed by on-chip control logic, and may be
either executed either as a “one-off” procedure or periodically
to re-calibrate parameters to account for changes with cell
usage.

While memory 2 employs PCM cells in the above embodi-
ment, the techniques described can of course be applied to
other multilevel solid state memory cells, such as flash
memory cells, where similar considerations apply.

It will be appreciated that many changes and modifications
can be made to the exemplary embodiments described within
the spirit and scope of the present invention.

What is claimed is:

1. A level placement method for g-level cells of solid-state
memory, where q>2, the method comprising:

controlling programming of groups of cells to respective

levels of a predetermined plurality of programming lev-
els;

controlling reading of each programmed cell at a series of

time instants to obtain a sequence of read metric values
for that cell;

processing the sequence of read metric values for the

groups of cells programmed to each programming level
to derive statistical data as a function of time for that
level,

processing said statistical data for each programming level

to determine for that level at least one parameter of a
model defining variation with time of the statistical data
for programming levels;
extrapolating the at least one parameter for the levels to
define parameter variation as a function of level; and

calculating, using a processor, from said parameter varia-
tion and said model a set of q programming levels which
has a pre-determined property over time.

2. A method according to claim 1, wherein the set of q
programming levels have desired statistical data defined by
said model at a predetermined time after programming.

3. A method according to claim 2, wherein said desired
statistical data corresponds to a desired read-error probability.

4. A method according to claim 3, wherein said desired
read-error probability corresponds to a minimum read-error
probability for sets of q levels at said predetermined time.
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5. A method according to claim 3, wherein calculating said
set of q programming levels includes performing an iterative
optimization process.

6. A method according to claim 1, wherein said statistical
data for each programming level comprises a first quantity
indicative of an average read metric value.

7. A method according to claim 1, wherein said statistical
data for each programming level comprises a second quantity
indicative of variance in read metric values.

8. A method according to claim 1, wherein processing said
statistical data includes fitting the statistical data with said
model.

9. A method according to claim 1, further comprising deter-
mining a plurality of parameters of said model for each level.

10. A method according to claim 1, wherein said predeter-
mined plurality of programming levels L. comprises [.>q lev-
els.

11. A non-transitory computer readable medium contain-
ing executable program instructions for causing a computer to
implement a method according to claim 1.

12. An apparatus for determining level placement in q-level
cells of solid-state memory, where q>2, the apparatus com-
prising:

a measurement controller configured to control program-
ming of groups of cells to respective levels of a prede-
termined plurality of programming levels, and control
reading of each programmed cell at a series of time
instants to obtain a sequence of read metric values for
that cell;

a measurement processor configured to process the
sequence of read metric values for the groups of cells
programmed to each programming level to derive statis-
tical data as a function of time for that level, process said
statistical data for each programming level to determine
for that level at least one parameter of a model defining
variation with time of the statistical data for program-
ming levels, and extrapolate the at least one parameter
for each programming level to define parameter varia-
tion as a function of level; and

alevel calculator configured to calculate, using a processor,
from said parameter variation and said model a set of q
programming levels which has a pre-determined prop-
erty over time.
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13. Apparatus according to claim 12, wherein the level
calculator is adapted such that the set of q programming levels
have desired statistical data defined by said model at a prede-
termined time after programming.

14. Apparatus according to claim 13, wherein the level
calculator is adapted such that said desired statistical data
corresponds to a desired read-error probability.

15. Apparatus according to claim 14, wherein the level
calculator is adapted such that said desired read-error prob-
ability corresponds to a minimum read-error probability for
the set of q programming levels at said predetermined time.

16. A memory apparatus, comprising:

solid-state memory having a plurality of g-level cells,
where q>2, read/write circuitry for writing data in the
solid-state memory by programming cells to respective
levels and for reading cells to obtain respective read
metric values each corresponding to a level of the plu-
rality of g-level cells, and a level placement apparatus
for determining level placement for the plurality of
g-level cells, wherein the level placement apparatus
comprises:

a measurement controller configured to control program-
ming of groups of cells to respective levels of a prede-
termined plurality of programming levels, and control
reading of each programmed cell at a series of time
instants to obtain a sequence of read metric values for
that cell;

a measurement processor configured to process the
sequence of read metric values for the groups of cells
programmed to each programming level to derive statis-
tical data as a function of time for that level, process said
statistical data for each programming level to determine
for that level at least one parameter of a model defining
variation with time of the statistical data for program-
ming levels, and extrapolate the at least one parameter
for each programming level to define parameter varia-
tion as a function of level; and

a level calculator configured to calculate from said param-
eter variation and said model a set of q programming
levels which has a pre-determined property over time.

17. The memory apparatus according to claim 16, wherein
the plurality of g-level cells include phase-change memory
cells.



